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IMPLEM:ENTATION OF THE CONTEXT-DEPENDENT SENTIMENT DICTIONARY
V.I. Karyukin, S.B. Yessenzhanova

Annotation. Social networks provide an opportunity to regulate involvement of citizens in
conduct of public affairs, discussion of legal norms and public services. News posts and comments
of a different nature of statements are divided into categories of positive, negative and neutral
assessment. To automatically determine the sentiment of texts and sentences, sentiment dictionaries
and machine learning algorithms approaches are used. In the first approach, determination of the
sentiment of texts is done with manually designed sentiment dictionaries. In machine learning
classification algorithms, training is done on texts initially labelled by experts.

Methodology. The use of both mentioned approaches allows to build a single flexible sentiment
dictionary with dynamic content filling. The developed model of the dictionary makes it possible to
label the sentiment of words initially defined as neutral. It is required to implement a number of
important steps for constructing a context-dependent sentiment dictionary: obtaining data from
Internet sources, labelling texts by experts, data preprocessing, classification with machine learning
algorithms and building a context-dependent sentiment dictionary.

Realization. Texts from news portals and social networks were obtained using a web crawler
[2] and placed in OMSystem database. The texts were labelled by an expert group on thematic
categories: politics, society, economics, finance, culture, sports, technology, etc. and sentiment
aspects: positive and negative. Words in the dictionary in OMSystem were divided into positive,
negative and neutral ones. We looked for the neutral words in texts and counted a number of positive
and negative texts for each word. To determine if a given word in the specific category was positive
or negative, we had to compare the difference between positive and negative values. The greater the
difference is, the more accurately we can say that this word defines the predominant category of the
emotional component.
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AN APPROACH TO BUILDING ESM APPLICATION
V.1. Karyukin

Annotation. Social networks [1] provide an opportunity to regulate involvement of citizens in
the conduct of public affairs, discussion of legal norms, bills, public services and the activities of
public authorities [2].

The review of existing analytical systems. There exists a number of monitoring systems of news
portals and social networks: iMAS, Alem media monitoring, OMSystem, Brand Analytics, Microsoft
Engagement and others [3]. Developed at al-Farabi Kazakh National University, OMSystem
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(Opinion monitoring system) allows to monitor news portals of Kazakhstan and popular social
networks: VKontakte, Twitter, Facebook, Instagram and YouTube.

Methodology and realization. In order to analyze the mood of society, eSM analytical platform
has been developed. This application provides a comprehensive analysis of the mood of society as a
whole and on various aspects. Three important indicators are deployed for the assessment: the level
of interest on a topic (R.;), the level of activity of topic’s discussion (R.,) and the mood of society
(R ts)~

The level of interest is calculated by the formula (1):

R, = (CT * 100%)/maxCT (1)

CT is a number of found results on the specific topic, and maxCT is a measure defined by

experts according to the search on the internet.
Rce is defined by the level of engagement. This indicator allows us to evaluate how different the
reaction of the audience on the categories of events in society is. It is calculated by the formula (2):
Re=(L+ R+ C)/CP/CSx100% (2)

CS is a number of subscribers in the news portals; CP is a number of messages found on a topic;
C is a number of comments, L is a number of likes, R is a number of reposts.

Ris is a level of social mood that is calculated as the average mood for all topics on a particular
category.
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VISUAL STUDIO OPTACBIHJIA «iHTEPAKTUBTI CXEMAJIAP MEH KAPTAJIAP»
KOCBIMIIIACBIH KYPY

M.Tynen, A.bakvimkaiues

Visual Studio — C# TiniHmeri KoaTel KaObBUIIAUTRIH (cOHBIMEH KaTap C++ »xoHe Oacka aa
TIJJIep) MHTETPAIBI OHAeY opTackl, Heri3ri epekmeniri .NET jxa0apIKTapbIHBIH KOJTaHY IIIBIMEH
KYpBUIFaH KOJIKa MHTETpaiaHybIHBIH KaparnalbMIbLUIbFbIHAA. Visual Studio komnusnusiianyra
Tric OacTankel KOATH aBTOMATTaHAbIpaabl. COHBIMEH KaTap, erep KOJJAaHyIIbIFa e3repic eHrizy
KaxkeT OOJIFaH »Karjaiiia KoJIlaHbUIFaH Ke3 KeJreH OMIMSHBI TOJIBIK OacKapyFa MyMKIHAIK Oepe/ti.
Visual Studio xkypambraa Windows Forms sxone Web Forms THITi KoChIMITIAJIapbIHA KOJTaHY IITBI
uHTepQeiCiHIH IeMEHTTEpiH KapamnalbM Tacy apKbUIBI KOCYyFa MYMKIHIIK OepeTiH KOHCTPYK-
Topaap Kipezi. Visual Studio-HBIH TeKCTiK pelakTopbl KypaMbIHIars! Turaepre (C# TimiMeH KaTap)
UHTEIUIeKTyallIbl TypJie Karenep/i o31 Taba anaTblHAal, TaObUIFaH XaFaaiaa KaXKeTiHIIe 31 Ko
YCBIHATBHIHJIAH €Tl BIHFAWIAHBIIT XKacallFaH.

[Iporpammanay TifepiH MEHIrepy YIIIH ajIbIMEH Mporpammaliay TeXHOJIOTHUsIapbIH
yiipeHreH MaHb3ABL. COHFBI Ke3JIe JKETEKIN POJIbIiI KYMBICBIHIA 00BEKTI OarmapiaHraH
porpaMmaray TeXHOJIOTHsIaphl bl TYp. by TeXHOoIOrUsiap/ sl MEHIepreH O1TiM aiTy bl
OPTYpPJIi  KoJmaHOaIbl KOChIMIIAap Kypa anaapl. Visual Studio wHTErpamasl oprachl
IporpaMMasbIK KaOABIKTapasl Kobajlayra oHe KypyFa MYMKIHIIK Oepeni. 3amaHayu
mporpaMMaiay TeXHOJOTHSUIApPIH MeHrepy — 3amaH Tana0Obl. COHIBIKTaH Ja Makajazia
KapaJiblll OTBIPFaH Macesie ©3¢KTi OOJIBIN TaObLIa b,

Makanaga mporpaMMaltblK SKaOJbIKTapAbl jkoOajmay XOHe KYpy HpPUHIUITEPI MEH
anictepin 3eprTei oThiphin Visual Studio opracsinaa C# Tininge « HTepakTUBTI cxemanap
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